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Table 1: Quantitative comparisons in terms of PSNR (dB) with respect to reconstruction on
the Scikit-Bunny video and the UVG datset. PNeRV achieves SOTA performance while maintaining
significantly fewer parameters and being up to 4× faster in terms of rate of convergence.

Method # Params (M)↓ Bunny Beauty Bosphorus Bee Jockey SetGo Shake Yacht
NeRV-L 12.57 39.63 36.06 37.35 41.23 38.14 31.86 37.22 32.45
HNeRV 11.90 36.23 36.17 30.20 41.58 28.55 29.67 32.44 25.50
E-NeRV 12.49 42.87 36.72 40.06 41.74 39.35 34.68 39.32 35.58
Ours 11.89 44.90 39.8 41.86 43.98 39.84 35.82 41.37 36.93

Gain over E-NeRV ↓ 0.6 ↑ 2.03 ↑ 3.08 ↑ 1.8 ↑ 2.24 ↑ 0.49 ↑ 1.14 ↑ 2.05 ↑ 1.35

NeRV

Ours

Figure 1: Visualization of reconstructed frames when activation function is not used. We highlight
the detailed regions in red boxes which our model is able to reconstruct successfully whereas NeRV [1]
fails to reconstruct the same.
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